a6 % MM U S N S D A N ¢ Vol. 46 No.9
201449 H JOURNAL OF HARBIN INSTITUTE OF TECHNOLOGY Sep. 2014

BAALBREEREARELERK FRIN A

X EE, N A RS
(1. 7L Tl K2 H3hib2ERE , 710129 FO4e; 2.9 E A ZS Tl i —AE 75 — QLI 52 B, 710000 PH4
3. BT TAk2AKE, 262300 LA HH)

B OB NTHAAAARNELAERLEE, AXEE mE A ERTEMEREEHE R THEAM AN LR
R EHAATEBREEIFRY AEP D BENEAURAE FEZEVNRA THEAERFAEIAITESENE
HoOER HEMMT AT AL ENMAURSE. FEERENR, 5§ 8 ENET R G EML, 2R EARRA KM
e T8 L o LA AR A A AT

KA. B A S H R T RS B B A A E R AL RS

HFE 4K S: TP301.6 XEARERS: A XEHS: 0367-6234(2014)09-0055-06

The application of hybrid fish swarm algorithm for constrained
nonlinear optimization
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Abstract; A hybrid algorithm which combines the augmented Lagrangian multiplier method with the fish
swarm algorithm is presented to solve the problem of constrained nonlinear optimization. The method
approximately solves the optimal solution of the augmented Lagrangian function with the fish swarm algorithm
and the solution is applied to update the Lagrangian multipliers and penalty parameters. Stochastic convergence
of the artificial fish swarm is analyzed. Compared with an adaptive penalty method for genetic algorithms,
simulation results verify the superiority and validity of the proposed hybrid algorithm.
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