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analysis of student enrollment of universities
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Abstract: In order to explore and establish a scientific effective and comprehensive recruitment management
process and valuation system, and based on several information before students entering college, such as re-
gions and location, the score in college entrance examination, the rank in certain regions, a new model to deal
with enrollment strategy and related matters has been set up in this paper. By a real case, it shows that the
model is suitable to analyze the quality of fresh students, and can provide proper guidance for planning college
enrollment stralegy. The model reliability and result accuracy can be significantly inproved by reasonable ad-
justment of penalty matrix.
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