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MapReduce-based Skyline-join processing
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Abstract: Skyline query is one of the most expensive operators in the database system. Some Skyline queries

involving multiple tables, which are called Skyline-join queries, are even more costly to evaluate. Therefore,

in this paper, we adopt Google’ s MapReduce, a parallel processing framework, to handle Skyline-join que-

ries. A novel parallel algorithm is proposed to prune the dataset progressively and hence the network transfer

cost is reduced. The algorithm is evaluated on Amazon’s EC2 and the experiments verify its efficiency.
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public void map( LongWritable key, Text value, Context con-
text) |

String line = value. toString( ) ;
StringTokenizer tokenizer = new StringTokenizer( line ) ;
while (tokenizer. hasMoreTokens( ) ) {

word. set( tokenizer. nextToken( ) ) ;

context. write( word, one) ;

}
|
public void reduce ( Text key, Tterable < IntWritable > val-
ues, Context context) {
int sum=0;
for (IntWritable val; values) |{
sum + = val. get( ) ;

}

sum + =val. get( ) ;
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public void map( LongWritable key, Text value, Context context) |
Tuple tuple = new Tuple(value) ;
context. write ( tuple. getID( ), tuple. toString( ) ) ;
|
i
public void reduce( Text key, lterable < Text > values, Context con-
text) |
ArrayList < Tuple > RData, SData, Result;
for( Text val; values) |
Tuple tuple = new Tuple(val) ;
if (tuple is from R) |
for( Tuple t; SData) |
Tuple joinResult = join(t, tuple) ;
Result. add (joinResult) ;
i
RData. add( tuple) ;
f
else |
//similar processing logic as R’ s tuple

|
f

|
)
ArrayList < Tuple > finalresult = getSkyline ( Result) ;
Write finalresult to Distributed File System
|
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